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In this paper, we propose a method to classify movie review documents into positive or negative opinions. The
method consists of three classifiers based on SVMs, ME and score calculation. The proposed method classifies
documents by using a voting process based on the results of each classifier. We compare two voting process for
our method: naive voting and weighted voting. In addition, we compare the proposed method with related work.
Our method consisting of 3 single classifiers improved the accuracy. The experiment result shows that our method
contains a possibility that it boosts up the accuracy essentially.
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