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Introduction to Natural Language Processing with Hugging Face
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[{'entity': "LOC', 'score': ©.99747026, 'index'
{'entity': "EVT', 'score': 0.9940996, 'index':
{'entity': "EVT', 'score': 0.99292654, 'index':
{'entity': "EVT', 'score': 0.99328846, 'index':
{'entity': 'PRD', 'score': ©.99945503, 'index':
{'entity': 'PRD', 'score': 0.99947244, 'index':
{'entity': 'PRD', 'score': 0.9995074, 'index':
{'entity': 'PRD', 'score': 0.99956614, 'index':
{'entity': 'PRD', 'score': ©0.99953246, 'index':
{'entity': 'PRD', 'score': ©0.99958676, 'index':
{'entity': '"PRD', 'score': ©.9995521, 'index':
{'entity': 'PRD', 'score': 0.99947625, 'index'

: 5, 'word': 'JtiBiE', 'start': 3, 'end': 6},
9, 'word': '#X', 'start': 12, 'end': 14},
10, 'word': 'I1E¥R', 'start': 14, 'end': 16},
11, 'word': '¥%£', 'start': 16, 'end': 18},
16, 'word': 'H', 'start': 25, 'end': 26},
17, ‘'word': 'UL', 'start': 26, 'end': 27},
18, 'word': 'ZWA', 'start': 27, 'end': 29},
22, 'word': 'L%"', 'start': 32, 'end': 34},
23, 'word': 'H'', 'start': 34, 'end': 35},
24, 'word': '7KR', 'start': 35, 'end': 36},
25, 'word': 'v 7', 'start': 36, 'end': 38},
: 26, 'word': 'JL', 'start': 38, 'end': 39}]
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V—Za—F 1. Fars s (i)

# BETE 754N E—RA VA =L

lpip install transformers[’ja’]

# XEI7475V% import
from transformers import pipeline, AutoModelForSequenceClassification,

BertJapaneseTokenizer ,BertTokenizer, BertForSequenceClassification

# b= F AP ETNERE

tokenizer = BertJapaneseTokenizer.from_pretrained(’cl-tohoku/bert-base-japanese-whole—
word-masking’)

modell = AutoModelForSequenceClassification.from_pretrained(’koheiduck/bert-japanese—

finetuned-sentiment’)

# %A 774 VT HT (sentiment analysis) Z&E

classifierl = pipeline("sentiment-analysis",model=modell,tokenizer=tokenizer)

# gﬁibk classifieril ’2@015’[*&&3?51/7351(@%%
# ZOETIVIEE-SE-HPVLOHMZ T B
result = classifier1("

UL ARES L 85, ERINRETE 2 D CHRENEZTIRRSTOHATES")

print (result)
result = classifierl ("fliAIZEEZ LKL 720 ")
print (result)

result = classifier1 ("HREICH L THIARI SN ETEZ LR S  F/ 79V FICNET — &%
ELZDOTEF2) T4 ALITE-TWS")
print (result)

# HDETNEHAIAAF T L sentiment analysis % pipeline TREL,

# classifier2 X WO HZHIZTIF %

model2 = AutoModelForSequenceClassification.from_pretrained(’abhishek/autonlp-japanese-
sentiment-59363°)

classifier2 = pipeline("sentiment-analysis" ,model=model2,tokenizer=tokenizer)

# FRIE LT classifier2 Z{HoTlRIERICH]E
# ZOETIMIEE-GEHED A
result = classifier2("

UL BFRIES LW S, ERMIHRETE 2 D THRMEGEZHNZTHRATE S

print (result)
result = classifier2 ("flif§IXEEZZ & K720 ")
print (result)

result = classifier2 ("H¥REICH L THIARIENE T EZ LB, £/ 79V RITNET— &%
EHDTEFX2V T4 b RNEIZE-TNWE™)
print (result)
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V—Ra—Fk 2 Furssn (#F)

# I T 74 v Fa—= v 7 EINTTs DTN EGAAA, BEHINIE

seq2seq = pipeline("summarization", model="tsmatz/mt5_summarize_japanese")

sample_text = "YW —DV =V R Ay Th RNV KRR MHRF > x> 7 24T

IN—TERET 2 HAR, 23 HO 1 RV —ZPcBWT, 5 11 (T 4 [0
B ZTE 2 B4 Y EHEL X U7z B AT R4 Y O— iR~ —RT

BT E D F Lo &R HAORRE B I BRI 2= T2 EMAIcE B LT
MM EZEZF Ll Alm. HRZATPRIC 1R Z2EbE L @50
HEHLGET L IRFREETIR T — L Bk, 20 1 THEEED L E Lz,
7= ADTMNZ DD ARKRRRIE ) ZE L E Lz, "

result = seq2seq(sample_text)

print (result)

# google drive ¥V Y ML, 77 A NEFHAAATUET 3
# 5 ETIIE classifierl
with open("/content/drive/MyDrive/sentences.txt", "r") as f:
for line in f:
result = classifieri(line.rstrip("\n"))
print ("{0} -> {1}".format(line.rstrip("\n"), result[0][’label’]))

# [EHRBME & 27 %2947

model_name = "tsmatz/xlm-roberta-ner-japanese"

classifier = pipeline("token-classification", model=model_name)

result = classifier ("J¢H,L¥EE CHf S N -BDEEHRFXICSMLT,IAHY
v 7NV & HoThio7k")

print (result)

# NP L C BERRBEENATHA

def getNEs(result):

word = ""
prevlag = ""
prevEnd = -1
data = []
for item in result:
if (item[’word’] == ’7?7):
continue
if (item[’entity’] == prevTag and item[’start’] == prevEnd):
word += item[’word’]
if (item[’start’] != prevEnd):
if (word != ""):
word = prevTlag + ":" + word

data.append (word)
word = item[’word’]
prevTag = item[’entity’]
prevEnd = item[’end’]
word = prevTag + ":" + word
data.append (word)

return(data)

print (getNEs (result))
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