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Abstract: Recently, argumentation quality assessment tasks have attracted a lot of attention in

NLP. However, there are a few studies to challenge argumentation quality assessment, focusing

on synchronous argumentation. In this study, we build a multimodal multi-party argumentation

corpus that is annotated argumentation quality scores. We propose some automatic argumentation

assessment methods and report the results of each method. We show that information to deal with

should be changed based on the target score to assess.
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