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Abstract: Recently, argumentation quality assessment tasks have attracted a lot of attention in

NLP. However, there are a few studies to challenge argumentation quality assessment, focusing

on synchronous argumentation. In this study, we build a multimodal multi-party argumentation

corpus that is annotated argumentation quality scores. We propose some automatic argumentation

assessment methods and report the results of each method. We show that information to deal with

should be changed based on the target score to assess.
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AIa=7—YavighefET LNV TFE-XNR
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WEEE (0.490) &72o7z. D% b, Ef 2B %M
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W, ERMEE Vo RO LT X 2R TIEE
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EALATZD, N EDKRIE%2 KD 0 T 556
T A AR MNRRT 4 7075 =V EENTHM
MLRETSZENEZLEND. TD2H, AHMED
BRI OMEREIX S EE - HESFEOM A EZEATH I L
Tl LT3 L HfEHTE S,

6 HbHYIC

AWFZETIEEB RO BB B2 B e LT,
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ET VAR, MEREREN & S L 7z, RS T IR
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BEXY T 1 OMAGDEIC L BEE TV OFbINERE

el | L FHIPERE (%1 27 B O fE)
T | TB TF TA | TBF TBA TFA TBFA
baseline | 0.333 | 0.333 0.333 0.333 | 0333 0333 0333 0.333
SVM | 0.451 | 0338 0.337 0.343 | 0333 0317 0320 0.340
Re LSTM | 0.387 | 0.398 0.392 0.380 | 0410 0.379 0.388  0.360
A-LSTMI | 0412 | 0.392 0.387 0.399 | 0.371  0.359 0.398 0.398
A-LSTM2 | 0.371 | 0.337 0.400 0.420 | 0.404 0374 0.387  0.339
HLSTM | 0.359 | 0.354 0.459 0.3838 | 0.415 0.391 0.370 0.405
bascline | 0.384 | 0.384 0.384 0.384 | 0.384 0384 0384 0384
SVM | 0.459 | 0.382 0.383 0436 | 0384 0392 0406 0.379
- LSTM | 0.428 | 0.478 0.438 0.476 | 0.467 0.472 0.486 0.435
A-LSTMI | 0433 | 0470 0426 0468 | 0450 0.396 0.444 0.490
A-LSTM2 | 0452 | 0412 0416 0436 | 0.443 0425 0401  0.404
HLSTM | 0.459 | 0433 0416 0379 | 0414 0440 0431 0451
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