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Abstract Simile is a kind of figurative language. It expresses the target of the figurative language by using comparators such
as “like”. For understanding a sentence, it is important to distinguish whether the sentence is a simile or a literal. In this paper,
we propose a pseudo dataset acquisition method for simile identification. We first constructed a dataset of simile and literal
sentences using machine translation. Next, we define the simile identification task as a binary classification problem. We apply
some machine learning approaches to the task. We show the validity of the pseudo dataset and the models in this task.
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