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Abstract Figurative expressions are one of effective approaches to lead readers to understand. In this paper,
we propose a selection method of a suitable figurative expression about an adjective in a sentence by using neural
networks (LSTM with attention). NNs usually need a large amount of training data for generating a model. We first
construct the training date set automatically by computing a simile-likelihood score of each figurative candidate.
Next, we select sentence-figurative expression pairs with high simile-likelihood scores as the training data. Then, we
generate a LSTM-based selection model by using the training data. We obtained sentences with some interesting
figurative expressions that cannot be selected by dictionary-based methods.
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NEPEWXTIRE E X 55D LA Attention 23X 1
TV, BEHMITPHIRFORGOHIELFELTT,
THW ] ICBEHm 2040 TBD Lk S57%) 2FRLTL
5. TOLD, THY] WEENEH0EHT Bk
2] EWIIREEAEININT WA, 2D e &0, HIREPIK
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5.2 fiOFHATIE, HIREDAZAWDSFEDHHR L VIR
7Zo7zh, NN W2 FEO LTI O @0 HiRE S X %
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HrEEH-TR-TER] 2 TRADL I RBKREEH > Th->T
7o) LEEMAZINH L. HERERL TR TRAD XS
) ik TREMZ o TEIMERZR ) 7R IERE O 2 HHT 5
HRFHREINTEDY, [EhWnia] EWIIERFIIIIETE X2
V., 20D, WIREDATOES I TIHERTERWIL
IRAZEIRTE, HHMEOD D IREF SR 21T 2 LW AIRET
HBEVWRD. LizhoT, KOEEORWVILIREDOFHE %17
W, HEEIRRTF =X E2FEDEOOERERT —X2y &
LTHERTAZENEETHS.
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127, UL, HIREREFILZAWV LGS EEEERRILT
IEBIND P F RO D B ILIREB SR 2175 2 &3]
BThE. SHOFHEL LT, HIREHATFEOURPHE,
HIRSERE T LVOREZ1TS.
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