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A Case Study of Speech Activity Detection for an Interactive Robot
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Abstract In this paper, we describe a method of speech activity detection for an interactive robot. The method
detects the speech events by using mouth image sequences captured from a USB camera. We calculate optical flow
and the sum of absolute difference from the mouth image sequences. Finally, the method classifies an image into
two states (speech activity or non-activity) by using a machine learning algorithm. In the classification process, we
compare several machine learning techniques. As a result, the naive bayes approach produced the best performance.

Key words Speech Activity Detection, Mouth Image, Optical Flow, Sum of Absolute Difference, Classifier
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