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Automatic knowledge extraction using machine learning for tourism dialogue system
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Abstract: Recently, dialogue systems for tourism have an important role due to a manpower shortage. Our
target is a tourism dialogue system based on an enumeration strategy. For the purpose, we need to collect
pairs of alternatives and explanations. In this paper, we propose an extraction method of keywords that are
suitable as the alternatives for an explanation sentence. We apply a machine learning technique to the task and

compare it with a simple baseline based on TF-IDF values. The experimental result shows the effectiveness of

our method.
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