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Abstract: Supporting consensus-building in multi-party conversations is a very important task in intelligent
systems. To conduct smooth, active, and productive discussions, we need a facilitator who controls the dis-
cussion appropriately. However, it is impractical to assign a good facilitator to each group in the discussion
environment. The goal of our study is to develop a digital facilitator system that supports high-quality
discussions. One role of the digital facilitator generates facilitation utterances in the discussions. To realize
the system, we need to predict the timing of facilitation utterances. We generate a prediction model with
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Timing Prediction of Facilitation Utterance in Multi-party Dialogue

verbal and non-verbal features extracted from discussions.
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Fig. 1 An example of degital facilitator.
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Um, is there anything about the color? |

PM(Gatekeeper)
ID(Protagonist)
ME(Supporter) What color?
ID(Protagonist)

ID(Protagonist)

Ul(Supporter) Mm-hmm
ME(Supporter) Sounds good.

Ul(Supporter) White can easily get dirty.
PM(Gatekeeper) Uh, | see.
ID(Protagonist) Right.

ID(Protagonist)
Ul(Supporter) That’s good.
PM(Gatekeeper)
PM(Gatekeeper)
ME(Supporter) Mm okay.

ID(Protagonist) Mm-hmm

| suppose to prepare two colors.

A color is white, standard one.

Another color is silver, special one.

So how about black instead.

Is it okay to decide colors white and silver.

Okay, is there anything else at all it can do?
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Fig. 2 Outline of prediction model.
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Fig. 3 Judgement flow of facilitation utterance.

% 1 AMI Meeting Corpus LD F517 4
Table 1 Dialogue acts in AMI Meeting Corpus.
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Table 2 Result for every feature.

FE WEE  HEE FE
SREFEMED A 0.74 0.76  0.75
HSFEMREDOAR | 0.73 0.55  0.63
TATOHEM 0.74 0.76  0.75
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* 3 S, MOSEER
Table 3 Result for every S,.

Safsec] | HEAE HEE FM
5.0 0.71 0.71 0.71
10.0 0.74 0.72 0.73
20.0 0.75 0.75 0.75
30.0 0.74 0.76 0.75

4.2 S, MOFAKER
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DFETOARID F & DI % FRITE/ZRLDERTTI,
TE T D FE 7% N D BLEER DN LRI 2 <, SEFS IR 3 LR ) 3
WIRIAERTE 2, 20X RRITIZEWT S, =30
MOX>REETIE, S, NIZEZL DEEVRE TN, X
RO 2 E T 2B HEOERAEE DT ETCLE
W, FHIRTCERR oz EZONS. LEDZ S S,
DHREIZEIVEASNDRIMPEAT 2720, S, DEE
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na.
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S, =30 IZHEL, TRTCOEEEZHNVEZETILTOF
HFSHIZT LT, 3128 CHRELZED £ LORFED 2D
HOZRMTH S, FEDNGEIT AR 7 M HHREZ Fd L
W U7z, NEETAX IHIOBEIEEEZR 41TRT. Ki4h
5 Elicit-Assessment (FEAOER) THHEHENR KL -
TWz., ZDOZ &5, Elicit-Assessment O EFj T LLEH
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2 L 7=. —7 T, Elicit-Comment-about-Understanding
(BHEZRTHETEOIER) THEHEENR/NE R TV,
LU, TAbMT—XKNLETO Elicit-Comment-about-
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x4 WEEITRR TP OEBE
Table 4 Result for every dialogue-act tag.

MNEEATRR T e MEBER
Inform 1305 0.75
Suggest 311 0.76
Offer 122 0.78
Elict-Inform 178 0.79
Elicit-Offer-or-Suggestion 31 0.77
Elicit- Assessment 104 0.83
Elicit-Comment-about-Understanding 2 0.5

Understanding O HBLEIEAS 2 & 2 L < D7z, it
DI FEATR E R TREDPEN DS NWE WS ZLIFTER
W, 7z, Elicit-Comment-about-Understanding % R\ 7=
SEEAT R 2 7 OBERIE, WIND 075U Lo TE
D, PRHIOKRE MY BRI NP o7z, T ehs,
Pipd &H SVM THHETEZHEET, WD £ LDRAFED
BRI ORI ILEORELRRN T Wz ERZ oS, Lr
U, B12HiCIREL MY £ L OFEFHED 2 DHDFRMT
HDHEDHFEIT AR TD, WD ELOFRFHEDER L A
LTWBEIEEZRW. ZDd, ANFIZ & 5 FHMFEER
ExaTDHILTIL2HTEDEMN, WY £ LOFHE
DEBLEHUT VB 0EIHEIT 2 BERH 5.
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AEFFETIE, EHRANHIZB T HD £ 2 dFFTEDO FH
BLUOFHIZHWEZET VOMGE 21T - 72, 5%, Fik
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B DR, HOBMN TV —LBATHS. £722
D &S RFJME, —MBIICEKR, BN O]
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o, RMEOFEMEZ L IT#EY R S, 2ED D Z L TTHIE
Eom EVRRADS.
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Meeting Corpus D AFIZ L 2HESH I LT —XZMHHL
7. LU, EBOEMATIHIAFTOEEZEZILLIDS
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AMI Meeting Corpus Tld, Bz L pHESKI LT —X
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