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Speech understanding with a multiple recognizer for a robot
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Abstract:
robot. The speech understanding method consists of some speech recognizers. We focus on two

In this paper, we describe a speech understanding method for a livelihood support

types of recognizers; a large vocabulary continuous speech recognizer and several domain-specific
speech recognizers. We handle these different speech recognizers selectively and integratively. The
selective usage is to detect the most suitable output from outputs of all recognizers, that is an
utterance verification task. In this task, We use the edit distance between each output for the
verification. The integrative usage is to resolve anaphoric expressions in speech inputs. Our
method with the multiple recognizer is based on a scoring process using the confidence measure

from each speech recognizer and the distance between an anaphoric expression and each antecedent

candidate.

1 OOoon

obooooobooooooboooooboboooboon
oboobooooooobooboobobooobooooon
obooboooooooboboobobooboooon
oboobooooooobobobobooboooon
obooooooboobooboboooooboooog

ooboooooOooooooboobooboooooooon
oboobooooooobooboobobooobooooon
ooboobooooooboooooobobobooboooo
gbobooooooobobobobooooooon
gbobooooooooboobobobooooooon
gbobooooooobobobobooooooon
gbobol1boobooboooboooobooooboo
gbobooooooobobobobooooooon
gboboooooboboboooboooo1oooaon
gooboooooooooooobooooooooon
gboboooooboobooboboobobooooon
gbobooooooooboobobobooooooon
gboboooooooobooboboobobooooon
goobooooooooboboobobooooooooon
gboboooooooobooboboobobooooon
oboooooobooboooboobooogoon

obooboboobooobooooboboboboo

*

ooooo ooooooooo
820-8502 DO OODOOODO 680-4

oooo o
oooo o
0000 E-mail: shimada@pluto.ai.kyutech.ac.jp

oo
oo

gooobobo2000000000000000
gooobobooboooobobooboo1oaon
gobooboobooboboooooooooboooban
gobooboobooboboooooooooboooban
oooobooooboon

2 Jooon

00000000000000000000000
000000000000000000000000
000000000000000000000000
000000000000000000000000
0000000000000000000000000
000001 (b)0000000000000000
000000000000000000000000
000000000000000000000000
00O [8]0

2.1 00O

obooooooobobobooboboooooog
oooooobooboboooooooooboobon
gdooboboobooooooooboboobooooooooo
gooobobooboboooooooooboooban
gobooboobooboboooooooooboooan



OGSS model (one Generalist and Some Specialists)
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