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Abstract Recently, the incorporation of group debates has emerged as a strategic approach for measuring communication
ability within the realms of entrance and employment examinations. However, the equitable evaluation of debates for such kinds
of examinations proves challenging. Therefore, a system is required to assess debates appropriately. In this study, we work on
the quality assessment of debates focused on the Japanese language. The studies related to debate primarily focused on English,
while those targeted at Japanese are limited. Consequently, the availability of debate data in Japanese is more constrained
compared to English. To handle the low-resource data, we propose two methods: the utilization of a dialogue-specific model
and data augmentation using GPT-4. We demonstrate that employing a dialogue-specific model does not yield statistically
significant scores, while data augmentation using GPT-4 enhances the performance.
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V. 2078, HAFEDMGRT — ZFEFHICHARTT -2 &l
D, KRHBERYEE T — 2P0 BEy k2 EEEEETVER
X2 WEBEFAT20EHELY. 22T, PEROAARFTEDOH
T — 2B BEEHEE T A EET 272012007 S
O—FERET 5.

1 2BHO7 7ua—Fi%, MNEFEETLVORAETSH 2. KX
A7 D& S ik Gl Ol & R 7 &R, Mmoo
Ml - B R BB LTV B Z AR E L. 22T, MEEE
2B T NVNERCHAAATSHFERMEET V2 RIS 5. LoL,
HAGEDOMGE 7 — 2 il — X3P w5 BHKk» S, H
AFER = ZOMFERHEE TOURIRE I LTV, Z ORI
IET 272012, WFER—ZONFERHLET A ZFH T 5. %
FEEOWZETIE, TEEOMEET — XRBHZ VW), HFER—
DOMEERHEE T AN O REIN TV S [2][3][4]. HFED
WEGT— R B NFEFRHEE T VICBINEE (774 v Fa—=v
7)) L, BMFELIZETAVERXRRZICHIGT 52T, i
MOWE - FEEER L REFHESTE e Ex N5, L
ML, FFEONEET — X T L7 MIHARTEICE T 24
WEALTORV, AR TE, HAREOH#MERSILHET
NEFHER—ZADWFERLETF LV ERE LETERRZEL, &
XA TOHEREEBGEET 5.

2OHD 7 Fu—FI3, GPT-4 I L 27— XIFTTH 5. T—
ZIEFIL, BEOT -ty Mo ABINCT— X 2RS35
FETH 2. MEEROTF -2 2ERT 2 FiREWL O0EER
ENTWB[5][6] 43, 2L OFEEINGES AT L OMEEZHN
LT —RIEARFETH S, 2Fh, 2—FrI X740 1
W IICkAHFEEERT A2 E2HNE LTWE 0, i
DEIBERHNCEENEEERT 222138 LW. 22T,
EEERA BRAER R A7 TEWEEZESF L TW5 GPT4[7] &
FIF$T 3. GPT-4 1% OpenAl IZ & » THHF XN KR SET
FOT, BRARSHEEER T2 22 BEELTWS. -,
GPT-4 354l Tu >y S ChEmMmBER T — X2 ERTE 3 [8]
7%, T —~% 7By LTGPT4IC5X5%Z¢8T
ERETEY BARRBREERTE 3 Z eI 3. A
ZETUX, OB R 2 7128\ T GPT-4 12 & % 57— X4k
KROFRMIZOWTHET 5.

2. BEWR

AREITIE, K7 7v—FOBEIRICOWTHNS. 2.1 fi
T, SEFHMEX 2 71OV TOREERZEZ BN S, 2.2 HiT
EXERRHELE T LICOWT, 2.3 HiTIE T — RIBRICOWVWTD
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2.1 REFES XY ICBT 2EEHZR

A - MO 2 2 7 OBFFEY LT, Wachsmuth & [1]
DBDHH 3. Wachsmuth 51, EEDFE MRS 2 W5
BRI, e i WME Z S 2 HEHEE E D 7=, Wachsmuth
5 DEETIE, # - a0 mEIZ S, AR, @t 3o
DOFHER 2 S FT X 3 RN T WS, AEMEDE VR -
Fild, TOCARRTE ZIF THEDMRIICERR L TV 256 -
WO Z BT, BHMESEVER - L, TR = FITH
5 AR - O e 2iET. WUMELEVWER - @
1%, FRICEENDFHEMEIICN L T4, 2oM#EL TW»
DEkim s B Z ¥ &5 3. Wachsmuth 5%, #icxnt L CTEEM,
B, WU OFHEEIN G E Nz a — SRR 7.

Shiota & [9] 1%, HAFEIT & 2NN AS 2 U5k U 7= N\ FRm
a— % & (Kyutech Debate Corpus) ZHEZE L, w7 — X I L
TEEM AMEOTE S V25 L. £, #HHoWE
% BECHHE$ 2 72912, SVM = Attention ###7 D © LSTM
BREDETNEME L. ARFFETIE, Shiota HIT & o THEEEL
7= Kyutech Debate Corpus 23 %. LA L, Kyutech Debate
Corpus [Fi#kan 7 — XD HEE L PED T —Z Ly b THE. &K
WHETE, PROT—Xty PIHLT22007 Fu—F %1
RBL, TOFHMEZHET 3.

2.2 WEHMEETILICEEY ZEEHR

EETE, BEFEEZHOIENEREET AP REINT
W3, Majumder & [2] 1%, Xf&FED 5 &FHE OREBEZHEE L7
RNN(Recurrent Neural Network) 2 L7=. L2 L, RNN &
THFRAPDEIBREVRINT -2 2B T 58, BETERHIC
X B AMHEPFELTLES. ZOMEIHLT 27012,
Ghosal & [3] 1%, GCNN(Graph Convolutional Neural Network) %
HOTHEEBRS - i ORFERGREE B L Ml a 2 Mg L
MEEXZAZ BV TEWEELZER L. Lrl, =a—b
FY P =T R=ADETNIRKEBOEIE T — X DBBEL 25
Jedd, FEHETAR B> TLES. FETIE BERT[10]
RIa e LIz KB SEE T AR ERE R TETED, =a—
Ity b= &Y DRVERF—XT, ARRAIT
BWREEZREE L TWA. Shen 5 [4] 1%, FRI¥EHBEATT NV
T»% XLNet [11] NEICEEE H S - S EH O FRERR 2 EE L
7-HHE 2 fHAIA A 72 T (DialogXL) ZIRE L, MAEZ 2 7ICH
T RNN % GCNN ZR—2 ¥ L7 EERHEE 7L & D b
FEEEBIS L. AL T, 2 DialogXL 2FIHL, HA
FEOPWH=ET L L DialogXL G L= FIEEHRET 3.

2.3 F—RILFTICE T BBAEME

T = RIFTFHRICBNT, MFEERD T — 224 M 2 Fik
PO OPIRBBINTVS. Gao 5[5] 1%, EWIERZICL DX
OB T -2 E2ERT L7 Tu—FERHEL, YET—X
TOMFEERXAZIZBVWTERVWHEEZEEL TV, £k
Gritta 5 [6] 1%, 77 7HEZHWTHFE T —X2EKT 257
Ta—FEBPFRELTVS. LorL, ZThSOFER 131 oxf
R ENE LT =X AFETH 2720, #imdD & 5 REHK
MNIZ X B NEERAERT 2 DL, EFETIE, BRARRGE

=Zh
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ERTZIEZEBELLTVAERAIDEHEZED TNV S,
Chan 5 [12] 1%, HRE 2 2DEZFIIHN LT, 5 5DMEEN
IO EBOEZ Y LTHEY»EEHD GPT-4 %2 Vv Tk
TV, BEIRNCEHME L 72, 72, £ ALIC X 37— XIEFRIZ,
HARZZAZIWZISHEINTWS. Anders & [8] 1%, GPT-4 %
W3 Z e TEmBERI NN ETFT—22ERL, PETF—-XT
DFFANPERRAZIZBNTTF — X IEFROERMEER L.
%72, Cochran & [13] 1%, GPT-3.5 ZH W TN T — X %%
KL, M DOEEHREZ A7 IZBWTT — X EFROFAMN%
RUTz. R TE, GPT4 RV THRwmT — X 24mL, ¥

BF—RDOIEFREITS.
3. T—=2tvykh

AT, HEmOMETiX 27 D7 —&ty b2 LT,
Shiota & [9] 1T & - THEEE X 4172 Kyutech Debate Corpus % f# ff]
3 %. Kyutech Debate Corpus I21%, 5 DT — < (£ 1) I
DV, K¥EB X CRERAE 4 A 1 & 258 - AEEK
EEDE 10 W3 DT — 2RI TW5, 2L T, &
MEFCBWT Ry 727Xy T = a y &0, 10 XEEDH
MT—R%E 18 DML 7 XY MZAEIL. Ny ks
XV T—=yavii, SGA6NETHFR VT —RIINLTERS
My Z2RATIVEHETZFETHS. HIZIER 2 T,
MR FTREEIRE 20 D B FIFONZNETH D] LWV Ikl
WOWTiHamE T ol b &, RO A FHNIELT
W3 ZEERLTWS, K2 TliE, 1 DOREEMICEGEICES
B2y IR 408FNTEY, &MYy 2 iZnElan#ER
Dt XY b s, ZLT, Kkt XY MaiX, i#
FOFHIELETH 2 SN - BEICOWT, CORERLL
TW50% 32070 (Low, Middle, High) 1Z#|bH4TT
W3, 178 Dt 7 A > MZOWT, 2 DDFMiiFEESE 5
NY VT URMER, R2 DX T \AMHPE LN R
e T, 2 DOFHIlfD 5> B EMED T BTG X T
X MNEEHT 5.
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CUNHE D) EETHIREBHIANETH S
RN DEFFE - HEHOMANZBDHZRETH S
INFEOEMIEIZ T L Yy NICEERZZNETH S
FIETT HEAEIRE 20 B0 5 FIT O BRETH B
REEDRNNGT — DT VLA BRI TRETH S

CESRTEIAT B

2 AT —~ TERIEATREZRERIE 20 h & RT3 RETH B
WKOWTOZE Py 787Xy F—2a vy Lzt EDikimt
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2 HAHEEEED MRS LT,
ERa i Middle
Epiis 89
B 97

Low
13
9

High
76
72

0 —FIZOWTIR5, 4.1 HiCIZHAREOFHET N & H3E
N—2DMFERHLE T A2 HE LFHEIIOWT, 4.2 Tl
GPT4 12 X %7 — ZHLTENT DWW TS 5.

4.1 BEETILOHE

AEITIX, BAEOIHET I L EER—ZDONFHRHMLE
FAEBRELET IR —FIOWTHAT S, A7 Fu—F
TX, HAEEEAETFTLE LTHAEONHET LV TH S
BERT[10] &, HEEN— R DMNFERHLE TNV TH % DialogXL [4]
D2 ODEFNEMMT 5. BERT A 0 — S 2 THAT
RN ZEBETALTHD, 12 BD Transformer JBIZ X - T
YHRZFE S 5 Z 2 AT E 5. DialogXL & XLNet[11] & FER
NBEFEETNER—R L LIEMGERELET AL TH S, Himo
X5 MR DGE, EEMB X UEEE B S ORGEOMRITHE
BT 5. BIZITHERTIE, HEADFRPERICE>T
FE - WEOEEZ LD, Kl 3 252 TilkimdiED
53 %. L7 L, BERT % XLNet ¥\ o =17 DHFT2E K
HETVE, ThoOHEmNAEOHEEZYET2DI3H L V.
DialogXL &, XLNet D Transformer JEIZFGE ] - #lid B &
OFRFEBREZ R L IAEIHAAENT WS 729, BERT IZ
HEAR TGP EEOME - R EE T 2 Z eI TE S,

A7 7Fv—F T, BERT & DialogXL ® 2 DD EF LD
{H&%HEA L, BERT & %\ DialogXL IZfEA LBk %24
EWRIE T 2 FIERIRET 5. AFEE, Qin & [14] MER
L 7z Knowledge Inheritance ZBff L 7-F7ETH 5. Knowledge
Inheritance (&, ZHHE TN OHE LT T MTHAT 2 Fik
THh3. BMETNEERETLVDIEBEEREL, EELE
HEREZEMEE T IVCREVERE LTS 22T, £iEET 11
Mz AT 2. AFETD Qin 5DFIEIZMH, DialogXL
DOFEENEEIZBE T 3 H17% % BERT 12153 % F#E (Lossggrr)
¢, BERT @ HARGEICE S 2 Hli#i % DialogXL 12453 2 Fik
(Losspialogxt.) ZIERT 5.

LossgerT PMIEXIZ X 3 1R T. F3, HAGEDOH 2 — 1
Z % BERT ¢ DialogXL @ 2 DDEFMIANT 3. DialogXL
WBHEN—RDETNTH 280, HREOHMI — 2%
FEEEICHEMBIAR LU, HMBHER U 725k 0 — 2 2 % DialogXL IZ
ANFT 3. K2, 200EFALOEERHET 3. KIFET
X, 320DSRLEDETBED, 27 5 A0HTHWSNS
CrossEntropy THEZFHET 5. ZL T, 2 0DETILOELR
EPR1OESHEET 3.

(1

Lan = @Lpjaogxr + (1 — @) LBERT

ZZT, Lan E2EOER, o EEARE, Lperr (& BERT
DK, Lpialogxr (& DialogXL DK ZRT. EIRDIAK Loy
%, BEARK Itk o T, E55DETNLOFHIZEMRT 20
EFRETEZeNTES. HlZIX, o D’ 0.1 D& %, BERT
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4 LOSSDialOgXL @Hm%

DK Lgrr DT57% DialogXL DK Lpjgioext, & D BREL
B8, XRA7%fEL ETBERT O FHINEHRENS. 2L
T, FtEL7Z2KDOER Loy % BERT ISREZEMEIE L, BERT
WEED T X —XZEHH TS, ZHICED, DialogXL DF&E
WEE 2B S 2 M3 % BERT 12552 Z e 25§ 2.

—7, LosSpialogXL TRK4DESI1T, 2EROER Lo &
DialogXL ICRZEW 4% L, DialogXL PIFRD 5 X — & & HH
T5. 2K D, BERT ® HARGEICE T 2 HlFk% DialogXL
W55 e 2T 5.

4.2 GPT-A4IC&3T—2HF

AHITI, GPT-4 12X %37 — XTI OWTHAT 5. GPT-4
WEHARRMERZER T2 e 2BREELTWS. LirL, EH
DR T —REERT 28, RED My 72525, §
NADFEB L 728 7 — 2 EREINTLES. 22T, Kif
FE TR L7257 — X D 2R R RO 72012, 2 Bl
HE21T5. GPT4IZ K287 —2ERDRNEK 5 I1TRT.
B1BRBETEER T —~ BTy DA, 2 BT
MYy 7B 2RO RN T — X EREITS.

BT, ERTy—~cHEETA Ny 2 RERT S.
FarFrER6ITRT. I I T, <<theme>>I#iMDT —~
ERT. S I, EaT 06T 4 XN—FRETHE
LD Y 7 Z20MERT 2 EICHERTS. FEmT—~
%, Shiota & AR L 7= Kyutech Debate Corpus @ 5 D D i
T () EBFHT 3.

BB TIX, B 1EBTERLENE Yy 72 5HmD5E
BF—&ZERT S, Tr> T ME, BRES XD Low -

i
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Please create 20 subtopics that can be used in debate
contest from the main topic.

The main topic is "<<theme>>".

The output format should be in a list:

Output: ["subtopicl"”, "subtopic2", "subtopic3",...]
Output:

X6

MY ZERDO TR YT .

High ®355G & Middle DBETRR G E2IToTWS. 20
HT, BRI XD Low, % Wid High OEET — X %4
S %7y 7 (Promptowghign) (X7 D& 5 IEGHL 7.
<<theme>>IFHEMD T — =, <<topic>>FEWMLI-bEy 7%
£T. Promptyowetigh 13, X A7, AMMEOER, HOF
RO 3 ODERL SR INTWS., XA ZHATIE, GPT-4
WX LTEDEIRRRA I ZITOEZOEIETRT 5.
T, Bk - Bk ER T 2R, Hm
DB, FEORERY S Tuy e LTERTS. B
Mt DEFR T, Wachsmuth & [1] 2SED 72BN IEDERITHE
W, BRiERRD B 5 DDER (SHM © Credibility, FEIE
Emotional Appeal, BAWEM: : Clarity, Z4: : Appropriateness,
B @ Arrangement) 271> ¥ LTHRRT 5. HAER
TIE, GPTAIIHLTED XS RIENBEATL AR REE S
HEIERT 5.

BENEZ ~OLH Middle DiEmlE, BRIEZ LA Low * High
DELLIHBEEBELRVEREERNTI2LEDH 2720, Tu
YT LTERT2DEH L. ZD7, PromptyowgHigh
OENMEDEREERT S S RRAL, BHictey 2IcE
T oMM T 5 K5I RTS. DED, GPT4 M ER 3
— Mg, A S LD Middle DifER L $ 5.

5. & B&

AT, FMfiTHRNZ 22007 Fu—FOEBICOWTIR
N3, 5.1 HiCEMNEERLES AR A LEFEICOWT, 5.2
HiTIE GPT-4 I & % 7 — ZILIEIC DV TENZNEFRZ1TS.

5.1 MERMEETILOFIA

AEITUE, 4.1 BT L MEERHEE TV R R L2 FE
DEBICOVWTIHRN S, 5.1.1 I CIEERFEICOVT, 5.1.2
B CIFEBRAER 2 BEICOWTIRRS.

51.1 EBFZE

A SEFHI 2 R 7 OFHl T EC DO W THIAT 5. AR
TlX, Kyutech Debate Corpus I25 415 10 MFHEDRFE T — &
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Please create a poorly (highly) effective argument revolves around the topic in Japanese
by 4 people.

The main topic is "<<topic>>". The participants are: A, B, C, D. Every person should give
their own opinions, and they talk as casual expression including the responding.

Notice that the order of utterance is not always follow the A, B, C, D. That means the
speakers should appear randomly.

Also, note that an effective argument typically has the following components:

1. Credibility: Argumentation creates credibility if it conveys arguments ~.

2. Emotional Appeal: Argumentation makes a successful emotional appeal if it creates
emotions ~.

3. Clarity: Argumentation has a clear style if it uses correct ~.

4. Appropriateness: Argumentation has an appropriate style if the used language ~.
5. Arrangement: Argumentation is arranged properly if it presents the issue ~.

Just create the argument without any comment. Here is the example:
Topic: <<theme>>

Output:

A: "<the opinions and reasons from person A in Japanese>"

B: "<the opinions and reasons from person B in Japanese>"

C: "<the opinions and reasons from person C in Japanese>"

D: "<the opinions and reasons from person D in Japanese>"

Topic: <<topic>>
\ Output:

X7 BT LD Low, High DEUT — X EERT 220071

> 7+ (Prompty owgHigh) -

%, AT — & 8 X3k, MEET—& 1043, 7 A PF—X 14
FEICHEIL, 10 REEsEMAEE | EBROFEME §5. 2L T,
TSRO R RO DICHERE 5 FITV, 20~ n¥gr
WETE. KAEBRTOR—ZF 4 »FiLk¥r LTBERT 20
5. FHEFERELCZAEEZ 2 7 THOWOR S FEEZHEMT 5.
AREBRTIEINGERLET VERMA L/ZFEL LT, BERT &
DialogXL %Z#t& L 7= FEUSMNZ, DialogXL 721 T i B #FAf
AT o 724ER SR T, DialogXL IZHFER—ZADETILTH %
e®, HAEOHM I — A ANT DL, BINEERZE
UCHGBICHIER T 200 H 5. REBRTIE, FEMBIERS
L C Facebook 23RN L TW AL E3E mBART 2T 5. &
7z, Losspert & Losspialogxr, B L T, HKDEHEALRK o
12 & T, BERT ¥ DialogXL ¥'5 5DEF LD Tl ZEMRT
LZPRED. REBRTIE, «=0.1,0.5,0.8 D3 DOEEZHRE
L, BELKEITS. 72, FHlDEE, Lossggrr & BERT D
%, Losspialogx1. (& DialogXL D& TaHii 21T 5.
ETNLDREICDOWVTHIAT 5. BERT IEHALKAENREIL
TWBEFNLZFHT 22, DialogXL & & b MGG O R %
R 272012, HEONGHET—XTEBNEET S, M7 —X
¥ IEMOCAP3% i\ 3. IEMOCAP X, 2 ANick 3 1 %1 D&
EAIRENTE D, BEFRBEERT S AMNEESHT
W5, ZOIEMOCAP TENYH L7 DialogXL % AL TH]
M3 2. EEEEIX CrossEntropy, wiE{LEIEIZ AdamW, 2%
BRIZ le-5, Ny FPA &8, TRy ZEIX 50 ¥FELTHE
Beirs.

5.1.2 ERHERBIUOEE

AHEITIE, NMEEFHEETAVEZRA L. FEOERFBR e BEE
WOWTIRRE, EEIEREE 31RT. Low, Middle, High
355D F{#, Ave iZ Low, Middle, High ® F {HDE A}

(1) : https://huggingface.co/facebook/mbart-large-50-many-to-many-mmt
(*2) : https://huggingface.co/cl-tohoku/bert-base-japanese-whole-word-masking
(F%3) : https://sail.usc.edu/iemocap/index.html

K3 FERHMLE T V2R L FHEOFEBRIR.

Fik Low Middle High Ave.
BERT 0.000 0.634 0.466 0.534
DialogXL 0.000 0.641 0.500 0.551
LossggrT(@=0.1) 0.000 0.659 0.477 0.552
LossggrT(@=0.5) 0.000 0.646 0.467 0.541
LossggrT(@=0.8) 0.000 0.642 0.488 0.547
LosspjalogxL(@=0.1) | 0.000 0.623  0.402 0.502
LosspialogxL(@=0.5) | 0.000 0.625 0.417 0.509
LosspialogxL(@=0.8) | 0.000 0.602 0.444 0.508

XEGERT. RNOMFORFE, £7~L0 FEB LUHE
A EFEHICBW TR EWEEERT

R E U7z LossperT, LOsSpialogxL, 12V T HEERIGIR & &
LRBNRD. Losspialogx (&, BERT & HANTHEDE FARS
N%. DialogXL \&, E7NVICHFHEBRZ E R L 70 2~
IANERNTWS. BERT IZ & 2 HARGEO AT 523, HiGMGRE
¥EFTEZET/) AR oTWB IR EZSHND. LOSSBERT
1%, BERT RfHOFEI D B RWVERYE Lo TWB A, #HEHH
BRED B HEREZ G- 7. 4 AREOIHET L L FFEDNR
FRHEEFALOMAR, BVOFHICEERKIFLTLES Z
eMEZLND.
AREEICENWT, 2TOFET Low O FHEI0 2ZRoTW
5. R2&D, AT NALD Low 57— Z M 5 ~L & LEEg
L CHsiIc D 72wz, 2TOFETIELL FT 2 Z 2T
EhbolcEZON5.

5.2 GPT-4IC&3T—2ILFR

AEITIX, 4.2 8 THWHE L= GPT-4 1T & % 7 — XILFDHEER
WZOWTHR S, 5.2.1 BICIAERRE, 5.2.2 HiCIIEFRHER
L BRERND.
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