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Abstract In recent years, the task of detecting sarcasm has been tackled in many studies. Sarcasm detection is
important for understanding people’s actual sentiments and thoughts. However, general sentiment analysis models,
which take polar words as an important feature, often do not understand the sarcasm that conveys intent different
from literal meaning. Sufficient relevant information about the sentence is needed for sarcasm detection. In this
paper, we work on improving the accuracy of sarcasm detection by introducing external information. This research
proposes a method for introducing external information and examines the structure of the model that introduces
external information. We compare the methods with baseline methods. The results demonstrate the effectiveness of

our method.
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